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A B S T R AC T

Social media play a key role in how people choose where to travel with influencers 
shaping many of these choices. This study investigates how YouTube influencers shape 
travel destination related interest in Japan by analyzing viewer comments on two highly 
popular itinerary travel videos. Viewer comments were collected using Python scripts 
and prepared for analysis through standard data-cleaning procedures. The analysis 
combines transformer-based language models and aspect-based sentiment analysis to 
examine sentiment, emotions, key destinations and itinerary-related themes in viewer 
comments. The findings show that itinerary-focused influencer content generates mainly 
positive sentiment and emotional engagement, along with planning-related viewer 
responses such as itinerary consideration, destination-specific questions, and reflections 
on past or intended future travel. The study offers practical insights for the tourism 
industry, policymakers and destination management organizations (DMOs) by showing 
how influencers’ content supports destination visibility and interest formation, with 
implications for promoting lesser-known destinations and managing overtourism.
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1.  Introduction

Social media play a significant role in shaping travel 
destination choices and travel planning, with public de- 
pendence on digital platforms continuing to grow 
worldwide. The number of social-media users has 

increased from 2.73 billion in 2017 to 5.17 billion in 
2024 and it is projected to exceed six billion by 2028 
(Slotta, 2025).

In recent years, travelers are increasingly using 
social media not only for entertainment but also as 
a primary source of travel inspiration and planning. 
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Consumers now engage with social media in a more 
interactive way, increasingly sharing their experiences 
and opinions about the products and services they use 
in daily life (Cambria et al., 2013; Kim et al., 2017). Such 
traveler-generated content, commonly referred to as 
user-generated content (UGC), plays an important role 
in tourism decision-making because it reflects peer 
experiences rather than institutional promotion (Abad 
& Borbon, 2021; Zeng & Gerritsen, 2014).

The spread of information and communication 
technologies and social media have made it easier for 
travelers to share experiences, images and reviews 
online, increasing the visibility and influence of UGC in 
destination representation and tourism communication 
(Lian & Yu, 2017; Lund et al., 2018; Marchiori & Cantoni, 
2012; Pantano & Di Pietro, 2013). Among visual social-
media platforms, Instagram, TikTok and YouTube have 
become particularly influential in tourism contexts 
due to their ability to combine imagery, narrative and  
interaction. These platforms not only inspire potential 
visitors but also provide practical information relevant 
to trip planning. As a result, many travelers increasingly 
rely on recommendations, reviews and experiential 
narratives shared by influencers and peers when 
forming destination preferences (Hussain et al., 2024; 
Wei et al., 2025).

Prior research suggests that social-media influencers 
contribute to shaping travel and hospitality decisions by 
affecting perceptions of destinations, accommodation 
options and tourism brands through experiential 
storytelling and practical, experience-based content 
(Khaled et al., 2025; Topbaş & Oktay, 2024).

To guide this study, a  conceptual framework 
(Figure 1) is based on the customer-journey perspective 
of travel decision-making. This perspective views desti- 
nation choice as a  process that develops in stages, 
beginning with initial exposure and progressing 
through evaluation, planning consideration, experience 

Figure 1. A conceptual framework of social-media-influenced 
travel decision-making

Source: authors own conceptualization, informed by customer 
journey and tourism literature

and post-visit sharing. In this view, travel decisions 
emerge not as spontaneous reactions, but as outcomes 
of gradual reflection and consideration over time 
(Solomon, 2019).

The first stage is exposure. Viewers encounter 
influencer content that may generate initial interest in 
a destination. At this stage, individuals make initial 
impressions as they interpret travel-related information 
encountered online (Kim & Fesenmaier, 2008). As in
terest develops, viewers may begin to think more deeply  
about possible travel plans and may consider des-
tinations, routes or timing, and express questions or  
trip planning ideas. These actions represent inter-
mediate stages where initial inspiration progresses 
into structured planning considerations.

After the trip, individuals may contribute to electronic 
word-of-mouth (e-WOM) by online sharing of travel 
experiences and opinions, which can influence future 
audiences’ perceptions and decisions (Litvin et  al., 
2008). The progression between stages is not strictly 
linear. Individuals may revisit earlier stages, reconsider 
options or refine their plans as they continue engaging 
with travel content.

In 2024, Japan experienced record inbound tourism, 
creating both economic opportunities and manage-
ment challenges. Popular destinations such as Kyoto, 
Nara and Mount Fuji faced congestion, with over 30% 
of international visitors reporting overtourism-related 
issues (“Japan faces overtourism challenges…”, 2024; 
Japan Tourism Agency, 2024). The White Paper on Tourism 
in Japan suggests promoting regional destinations 
through engaging digital content as a key strategy to 
disperse tourist flows and enhance distinctive local 
experiences (Japan Tourism Agency, 2024).

Although a growing body of research has examined 
how social-media influencers shape travel decision-
making, less attention has been given to how audiences 
express their thinking of the travel journey after ex-
posure to influencer content. Much of the existing 
literature concentrates on influencer characteristics, 
branding strategies or effectiveness, while audiences are 
often positioned as passive recipients rather than active 
interpreters and evaluators (Abidin, 2016; Hudders et al., 
2021). Based on the customer journey framework, this 
study explores how viewer comments reveal audience 
travel thinking rather than actual travel decisions.

YouTube long-form format enables structured narra-
tive presentation of destinations, and its comment 
sections provide space for viewers to respond, question, 
evaluate and sometimes describe their own travel 
considerations, making it well suited for examining how 
user-generated content shapes destination image and 
travel decision-making (Burgess & Green, 2018; Hudson 
& Thal, 2013; Xiang & Gretzel, 2010). These audiences’ 
interactions create an opportunity to examine how travel-
related thinking becomes visible in public discussion.
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Addressing this gap, the present study adopts an 
exploratory, case-based approach to examine viewer 
comments on two itinerary-focused YouTube travel 
videos about Japan. Itinerary-based videos are especially 
appropriate because their structured presentation 
encourages viewers to consider destinations, routes and 
travel timing within the decision journey. The study 
approaches comments as expressions of interest opinion, 
and planning within the travel decision-making process, 
rather than treating engagement metrics as direct 
evidence of travel behavior. By analyzing patterns of 
sentiment, emotional tone and common themes in 
audience comments, the study aims to understand 
how influencer content contributes to viewers’ travel 
thinking and planning. The findings are not intended to 
establish causal claims or broad generalizations, instead, 
they offer insight into how online interaction can reveal 
different stages of travel planning.

The primary contribution of this study is method
ological. By integrating large language models (LLMs) 
supported comment analysis with tourism research, 
the study shows how large-scale audience discussions 
can be examined systematically. Conceptually, this study  
also shows how comment-based interaction makes 
early stages of travel planning visible within the overall 
travel decision-making process.

Accordingly, this study addresses the following 
research questions:

RQ1: How do viewers express sentiments, emotions 
and destination-related evaluations in comments on 
YouTube travel influencer itinerary videos about Japan?

RQ2: What key destination-related themes and travel 
intentions emerge from audience comments, and how 
do these patterns differ across two influencer channels?

The remainder of this paper is organized as follows. 
Section 2 presents a literature review on how social 
media and influencers shape tourist behavior. Section 3 
outlines the methodology, while Section 4 provides the 
analysis, including sentiment analysis, aspect-based 
sentiment analysis, emotion detection and zero-shot 
classification of selected video comments. This is 
followed by discussion of potential policy implications. 
The last part concludes with research limitations and 
possible directions for future studies.

2.  Literature review

2.1.  Social media and the transformation 
of tourist decision-making

Social media have increasingly influenced tourists travel 
behavior in recent years (Tang et al., 2024). Research 
consistently shows that digital platforms influence how 
individuals search for destinations, compare options 

and plan trips (Dai et al., 2021; Matikiti-Manyevere 
& Kruger, 2019). Social-media platforms influence mul-
tiple stages of the tourism decision-making process, 
including inspiration, planning and post-trip reflection 
(Hudson & Thal, 2013). More recent studies confirm that 
social media affect both pre-trip planning and post-
trip reflection, which in turn influence future travel 
considerations (Thi Van Hanh & Tuyen, 2023; Yang 
et al., 2025).

User-generated content (UGC) plays an influential 
role in shaping destination image. As digital media has 
expanded, user-generated travel content has become 
a key source of information and evaluation in tourism 
contexts (Choi et  al., 2007; Xiang &  Gretzel, 2010). 
Empirical studies demonstrate that UGC contributes 
to destination image formation (Lam et al., 2020), and 
destination image has been consistently linked to visitor 
satisfaction, revisit intention and recommendation 
behavior (Wang & Hsu, 2010).

The interactive nature of social media allows 
travelers to adjust plans dynamically based on 
shared experiences, recommendations and reviews 
(Chilembwe & Gondwe, 2020). Overall, this literature 
suggests that tourist decision-making is increasingly 
continuous and socially influenced rather than linear 
or individual.

Although prior research shows that social media 
influence destination perceptions and travel intentions, 
much of this evidence relies on surveys or aggregate 
engagement metrics. Little attention has been given to 
how travel-related thinking and opinions are expressed 
within interactive spaces where audiences respond pub- 
licly to content. In particular, limited research has 
examined how comment-based interactions reflect 
the development of interest and planning within the 
travel decision-making process.

2.2.  The rise of social-media influencers 
in tourism

Building on the broader role of social media, research 
increasingly highlights social-media influencers as in-
fluential actors in tourism. Social-media influencers 
act  as opinion leaders who shape destination 
perceptions and influence travel-related decisions 
(Gaenssle & Budzinski, 2021; Jalilvand, 2017). Unlike 
traditional advertising, influencers are often perceived 
as more authentic and relatable, which helps build 
trust and stronger connections with their audiences 
(Abidin, 2016; Casaló et al., 2020).

Research suggests that influencers can affect 
decision-making across multiple stages, from generat-
ing initial awareness to shaping planning and booking 
considerations (Lou & Yuan, 2019; Wei et al., 2025). 
Influencer content shapes an ongoing evaluative 
process, with destinations reassessed over time rather 
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than at a single decision point (Hudson & Thal, 2013; 
Pourazad et al., 2025).

At the same time, important distinctions remain 
between engagement and influence. Metrics such 
as views, likes and comments are often treated as 
indicators of impact, but they do not necessarily reflect 
actual travel behavior. Likewise, expressed inspiration 
or intention may not lead to concrete action. These 
differences highlight the need to look beyond surface-
level metrics to better understand how influence works 
in social-media interaction spaces.

Platform dynamics also shape visibility and exposure. 
Algorithmic recommendation systems may amplify 
already popular destinations, reinforcing attention 
toward highly visible locations and contributing to 
uneven tourism distribution (Banerjee et  al., 2023; 
Müllner et  al., 2025). This suggests that influencer 
impact must be understood within broader platform 
structures.

2.3.  Empirical evidence on influencer impact on 
destination choice

Empirical research indicates that social-media 
influencers shape audience attitudes and destination 
perceptions, with particularly strong engagement 
among Millennials and Generation Z, who are highly 
active on digital platforms (Hudders et  al., 2020; 
Khamis et al., 2017). Influencers, often described as 
micro-celebrities, create personalized and relatable 
content that can affect how audiences interpret and 
evaluate destinations, including travel-related contexts 
(Gaenssle & Budzinski, 2021). Recent academic studies 
indicate that influencer-generated content across social-
media platforms can affect destination visibility as well  
as travel-related interest and behavioral intentions 
(Mqwebu, 2024; Pourazad et al., 2025).

At the same time, much of this evidence relies on self-
reported intention measures or aggregate engagement 
data, which do not necessarily demonstrate actual 
travel behavior. The relationship between exposure, 
expressed intention and actual visits remains complex 
and context-dependent. Several cases illustrate that 
influencer-driven exposure can also generate sudden 
surges in visitor numbers. Viral content has been linked 
to rapid increases in visits that may exceed local carrying 
capacities, as documented in empirical research in 
China (Wengel et al., 2022). Similar patterns have also 
been reported in media coverage of destinations in 
Italy (Giuffrida, 2025). These examples suggest that 
influencer exposure can increase destination visibility 
but may also contribute to overcrowding and capac
ity pressures. They highlight the need to examine how 
audience responses are formed, rather than assuming 
a direct link between online engagement and travel 
behavior.

2.4.  YouTube as a destination marketing platform

YouTube has emerged as a  powerful destination 
marketing platform where travel vlogs contribute 
to destination image formation and influence travel 
intentions (Arora &  Lata, 2020; Mirzamurodova 
Kizi et al., 2025). Its long-form video format enables 
influencers to combine visual storytelling with practical 
guidance, making it effective for presenting travel itin-
eraries and destination experiences (Hussain et al., 
2024). Research suggests that YouTube travel content 
can enhance destination knowledge and positively 
influence visit intentions, particularly when perceived 
as credible and engaging (Chen et al., 2022; Huertas 
et al., 2017).

Beyond visual content, YouTube also supports 
sustained comment-based interaction. Viewers use 
comment sections to share opinions, ask questions, and 
reflect on past or intended travel. Compared to surveys 
or engagement metrics, these interactions show better 
how audiences express travel interest and planning.

Despite the platform’s relevance, relatively limited 
research has examined large-scale YouTube comment 
discussion as a platform where travel-related thinking 
becomes visible. Most existing studies focus on influ- 
encer credibility, content strategies or self-reported 
intentions, leaving comment-based interaction under-
explored. By viewing comments as signs of interest and 
planning, this study goes beyond engagement metrics 
while acknowledging data limitations.

2.5.  Theoretical synthesis and research gap

Previous research shows that social media and influ-
encers shape destination awareness, image and 
reported travel intentions. However, engagement 
indicators such as views and likes are often treated as 
signs of influence, even though they do not necessarily 
reflect travel behavior. The gap between intention and 
action is well documented in tourism research.

In addition, platform structures such as recom-
mendation algorithms can sometimes promote specific 
destinations, influencing their visibility beyond 
individual choices. These issues suggest that influence 
cannot be assessed solely through engagement metrics 
or assumed behavioral outcomes.

Despite substantial research on social media and 
tourism, little is known about how travel-related thought  
processes become visible within online interaction. 
Most prior studies rely on surveys, interviews or 
broad engagement indicators, which offer limited 
understanding of how audiences express their reactions 
after viewing influencer content.

This study addresses this gap by analyzing YouTube 
comments as a place where viewers share destination 
interest, evaluation and initial planning interest in 
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response to influencer travel videos. The study also 
shows how LLM-based text analysis can be applied to 
large number of comments to identify patterns of travel 
consideration that are not captured through standard 
engagement metrics.

3.  Methodology

3.1.  Video selection

This work follows an exploratory, case-based design to 
examine how audience comments on YouTube travel-
influencer videos reflect destination-related evaluations 
and travel intentions. Two itinerary-based travel videos 
about Japan were selected as analytical cases. Rather 
than aiming for statistical representativeness, the study 
focuses on analytical depth, using carefully chosen 
cases to explore how viewers engage with and interpret 
influencer-generated travel vlogs.

Videos were identified through a keyword search 
on YouTube using “14 days travel itinerary in Japan”. 
From the results, videos were selected based on three 
criteria: an itinerary-based structure covering multiple 
destinations, a  high level of audience engagement 
measured through views and comments, and the 
availability of a substantial comment dataset. Itinerary-
based videos were chosen because they present 
destinations in a sequential and experiential format, 
which is relevant for examining planning-related 
audience responses.

The first selected video was published on the 
Abroad in Japan channel, operated by a Japan-based 
international influencer. Titled How to Spend 14 Days in 
JAPAN: Ultimate Travel Itinerary, the video was uploaded 
in November 2023 and had received over four million 
views at the time of data collection. The itinerary begins 
and ends in Tokyo, with intermediate visits to Kamakura, 
Yokohama, Kanazawa, Shirakawa-go, Takayama, Kyoto 
(including a  day trip to Nara), Osaka and Hakone 
(Abroad in Japan, 2023). The second video, titled How 
to Spend 14 Days in Japan: A Japan Travel Itinerary, was 
published on Allan Su’s channel in February 2021 
and had accumulated over eleven million views. This 
itinerary follows a different spatial sequence, starting 
in Osaka and moving through Koyasan, Nara, Kyoto, 
Kanazawa, Takayama and Tokyo (Allan Su, 2021).

Using two popular videos from different influencers 
allows for a  comparative examination of audience 
discourse across distinct presentation styles and 
audience groups. The analysis is not intended to 
generalize across all YouTube travel content but 
to offer insight into how audience engagement and 
interpretation may vary across popular itinerary-based 
travel videos.

3.2.  Data collection and pre-processing

Viewer comments were collected using YouTube 
Data API through Google Developer Console. Data 
extraction and processing were conducted in Python. 
All comments available at the time of collection were 
retrieved for each video.

Before analysis, the data were pre-processed to 
improve consistency. Duplicate comments, hyperlinks, 
emojis, non-textual symbols and very short entries 
without meaningful content were removed. Comments 
unrelated to travel or destination discussion were also 
excluded. Only English-language comments were 
retained.

The restriction to English comments was applied 
because the analytical models used in this study were 
trained primarily on English-language data. While 
this decision limits linguistic diversity and may 
exclude culturally specific expressions, it allows for 
more reliable interpretation of sentiment, emotion and 
thematic classifications. This limitation is acknowledged 
in the discussion.

After pre-processing, 1,461 comments from the Abroad 
in Japan (2023) video (out of 2,313) and 1,935 comments 
from the Allan Su (2021) video (out of 2,736) remained 
for analysis. No personal or identifying information 
about commenters was collected or analyzed.

3.3.  Analytical approach and validation

The analysis combines sentiment analysis, emotion 
detection, aspect-based sentiment analysis and zero-
shot topic classification to capture multiple dimensions 
of audience discussion. These methods were selected 
to examine broader sentiments, emotional expression, 
destination-specific judgements and broader thematic 
patterns within comments.

Model reliability was assessed through manual 
validation. A  simple random sampling procedure 
was implemented in Python using random selecting 
100 comments from each influencer’s dataset (n = 200). 
These comments were manually reviewed and 
compared with model-generated labels for sentiment, 
emotion and zero-shot topic classification. Performance 
was evaluated using accuracy and weighted F1 score to 
account for class imbalance. Although the validation 
subset represents a small portion of the full dataset, it 
provided a contextual reliability check appropriate for 
the exploratory design.

As the study is exploratory, the aim was not to 
test predictive accuracy but to ensure consistent and 
reasonable interpretation of the results. It is also 
acknowledged that YouTube comments do not 
represent neutral or random samples of traveler 
opinion. Commenters are typically self-selected and 
may reflect higher levels of engagement and interest. 
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Platform dynamics, such as algorithmic visibility 
and social interaction among users, may further 
shape comments content. These characteristics are 
not treated as methodological flaws but as defining 
features of audience discussion within influencer-
driven environments.

4.  Results and findings

4.1.  Top 10 most liked comments on both videos

Figure 2 summarizes the dominant themes and travel 
stages associated with the ten most-liked comments for 
each video, together with the number of likes received 
by each comment. The vertical axis represents comment 
themes, while the horizontal axis indicates the number of 
likes, which reflects audience endorsement rather than  
behavioral intensity. Each comment is also categorized 
by travel stage (pre-trip, post-trip or unrelated), en
abling a comparative interpretation of audience engage
ment across the two videos.

In the Abroad in Japan video, the most liked comments 
are concentrated within the pre-trip and post-trip 
stages. Themes such as excitement for an upcoming 
trip, itinerary appreciation and planning-related 

engagement suggest that viewers are interacting with 
the content in relation to some upcoming trip. For 
example, the comment “I’m actually going on a 14-day 
trip starting Friday next week so I was delighted to 
see this title” illustrates a direct connection between 
video exposure and imminent travel planning (Abroad 
in Japan, 2023).

By comparison, the Allan Su video shows a more 
varied distribution of comment themes and travel stages. 
Although several highly endorsed comments refer to 
destination aspirations and planning considerations, 
a larger share of top-liked comments are categorized 
as unrelated to specific travel stages. Nevertheless, 
some comments explicitly indicate reconsideration 
of travel plans, such as “I was originally going to do 
Tokyo → Kyoto → Osaka next March, but this vlog 
really changed my mind” (Allan Su, 2021).

Overall, the comparison suggests that the Abroad 
in Japan video attracts a more travel-focused audience, 
as reflected in the higher concentration of travel 
intention-oriented comments among the most-liked 
entries. In contrast, the Allan Su video appears to 
generate broader forms of engagement, with fewer 
highly endorsed comments directly linked to pre-trip 
or post-trip stages. These findings reflect differences in 
audience discussion and engagement patterns rather 
than evidence of actual travel behavior.

Figure 2. Travel decision stages reflected in the 10 most-liked viewer comments
Source: authors
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4.2.  Sentiment and aspect-based sentiment 
analysis

Sentiment analysis, also known as opinion mining, is 
a natural language processing (NLP) technique used 
to identify the emotional tone or sentiment (positive, 
negative or neutral) expressed in written text (Liu, 2017). 
Aspect-based sentiment analysis (ABSA) extends this 
approach by examining how users express sentiment 
toward specific aspects or features discussed in the 
text (Mehra, 2023; Sabeeh & Dewang, 2019). In this 
study, sentiment analysis was conducted using 
RoBERTa (Robustly Optimized BERT Approach) model 
implemented via the Hugging Face Transformers library. 
The model achieved accuracy and weighted F1 scores 
above 0.80 in both videos, confirming the reliability of 
the classification.

Analysis of viewer comments on the two 14-day 
Japan itinerary videos indicates that most comments 

Figure 3. Dataset distribution graph for sentiment analysis
Source: authors

in both cases were classified as positive. The sentiment 
distributions across the two videos were broadly 
similar, with positive sentiment accounting for the 
largest share of comments, followed by neutral and 
negative categories (Figure 3). This pattern reflects 
a generally favorable audience response to the content. 
The predominance of positive sentiment should be 
interpreted with caution. YouTube audiences are self-
selecting, and viewers who watch itinerary-based travel 
videos may already have an interest in the destination. 
In this context, positive sentiment may reflect alignment 
between audience expectations and the content rather 
than direct behavioral impact.

These patterns capture viewers’ favorable reactions 
and perceptions, which are often linked to destination 
image and interest formation in tourism research 
(Hussain et al., 2024). While such responses indicate 
positive engagement and approval, they do not 
demonstrate confirmed travel behavior but instead 
show how viewers express positive impressions within 
the travel decision-making process.

4.2.1.  Aspect-based sentiment analysis

Aspect-based sentiment analysis was then applied 
to identify the main aspects discussed within each 
sentiment category. Comments were first grouped 
according to RoBERTa-derived sentiment labels 
(positive, neutral and negative) and subsequently 
processed in Python using Natural Language Toolkit 
(NLTK).

Word clouds are used as a descriptive visualization 
of frequently mentioned adjective-noun pairs and are 
interpreted as an exploratory illustration of selected video 

Figure 4. Word clouds of frequently mentioned pairs 
in viewer comments

Source: authors
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comment with word size indicating relative frequency. 
As shown in Figure 4 (cf. p. 161), viewers of the Abroad 
in Japan video more frequently refer to pairs related to 
upcoming trips, itinerary use and specific destina- 
tions, reflecting a stronger orientation toward planning-
related and destination-focused discourse. In contrast, 
word cloud of the Allan Su video more often emphasize 
aspects related to video quality, presentation and overall 
enjoyment, suggesting a more general evaluative focus 
on content and production style.

Figure 5 presents the ten most common aspects 
identified across both videos. While both comment 
sets share general aspects such as Japan and video, 
notable differences emerge in the prominence of other 
terms. Comments on the Abroad in Japan video more 
frequently highlight aspects such as trip, itinerary, 

ryokan and Hakone, indicating deeper engagement 
with travel details and planning considerations. 
By comparison, comments on the Allan Su video 
emphasize aspects such as thanks, country and people, 
reflecting broader appreciation of the content and 
creator rather than specific planning elements. These 
differences point to variations in how audiences engage 
with itinerary-based content across influencer channels, 
without implying direct behavioral outcomes.

4.3.  Emotion detection

Emotion detection was conducted on viewer comments 
using a  DistilRoBERTa-based transformer model 
(j-hartmann/emotion-english-distilroberta-base), which 
classifies English text into seven emotion categories. In 

Figure 5. Top 10 extracted aspects from YouTube comments
Source: authors

Figure 6. Detected emotions in Abroad in Japan vs. Allan Su 
travel vlogs

Source: authors
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this study, the model achieved accuracy and weighted 
F1 scores above 0.80, indicating stable performance 
for analysis. Figure 6 presents the dis-tribution of 
emotions identified across comments for both videos. 
The results show that viewer responses were largely 
characterized by joy, surprise and neutral reflection, 
indicating predominantly positive affective re- 
actions. These emotional patterns suggest favorable 
reception of the content rather than evidence of 
confirmed travel behavior. In tourism research, positive 
emotional responses are often associated with interest 
formation and favorable destination perception.

Prior research indicates that emotionally positive 
content on social media is linked to higher interaction 
and engagement levels (Deng et  al., 2025). Studies 
further show that users frequently express enjoyment 
and enthusiasm when discussing travel experiences 
online, shaping how destinations are perceived and 
circulated within digital communities (Blanco-Moreno 
et al., 2024). In this study, emotion detection is therefore 

used to capture emotional audience responses to 
influencer content, rather than serving as indicator of 
actual travel decisions.

4.4.  Zero-shot classification

Zero-shot classification enables text to be categorized 
into previously unseen labels without task-specific 
training by leveraging natural language inference 
(NLI). In this work, the facebook/bart-large-mnli model, 
implemented via the Hugging Face Transformers 
framework, was applied to YouTube comments using 
a predefined set of 44 candidate labels reflecting dif-
ferent forms of audience engagement and discussion. 
Examples include “the viewer plans to follow the advice 
or itinerary in the video” and “the viewer is planning or 
dreaming of a future trip to Japan”. Labels such as “the 
viewer is giving general feedback and not about trips” 
were also included to identify comments unrelated to 
travel planning (Table 1).

Table 1. Candidate labels used during zero-shot classification model along with manually assigned topics

No. The viewer… Mapping with topic

 1 … finds the video helpful for planning Informative and helpful video

 2 … learned something useful from the video

 3 … is praising the editing, visuals, or narration

 4 … is thanking the creator for making the video

 5 … is giving positive feedback about the video

 6 … is asking a travel-related question Japan trip-related questions

 7 … is requesting itinerary advice

 8 … is asking about places to visit or stay in Japan

 9 … is unsure about travel timing or logistics

10 … is planning a trip using the video Planning Japan trip with this itinerary

11 … wants to follow the video itinerary

12 … is inspired to use this plan for a future trip

13 … is organizing a trip with similar destinations

14 … finds the video is perfect for their upcoming trip to Japan

15 … thinks that the video timing is perfect as the viewer is preparing to visit Japan

16 … intends to follow the itinerary for their upcoming Japan visit

17 … is feeling excited to visit Japan soon and follow the video itinerary

18 … is planning a trip to Japan with specific travel dates

19 … feels inspired to visit Japan Inspired to travel Japan

20 … wants to go to Japan after watching

21 … expresses fascination or emotional love for Japan

22 … is dreaming of traveling to Japan someday
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Table 1 (cont.)

No. The viewer… Mapping with topic

23 … is reminiscing about a past trip Bringing back travel memories

24 … is sharing travel memories

25 … has visited Japan and relates to the video

26 … recalls visiting places shown in the video

27 … is suggesting places to visit in Japan Viewers suggestions about Japan 
travel

28 … is giving travel advice or tips

29 … is recommending alternative spots

30 … is sharing experiences for future travelers

31 … already visited places from the video Followed the itinerary

32 … has followed the same travel plan

33 … retraced the video itinerary during their trip

34 … followed the suggestions in the video during travel

35 … regrets not seeing the video before Regret not seeing this earlier

36 … missed something on their past trip

37 … feels the trip could have been better with this info

38 … is recommending this video to others Electronic word-of-mouth

39 … is spreading positive word of mouth

40 … says they will share the video with friends

41 … encourages others to watch or follow the channel

42 … is making a casual or humorous comment Others

43 … is giving general feedback but not discussing travel

44 … is comparing Japan with other countries

Source: authors.

To improve interpretability and reduce label 
fragmentation, fine-grained labels were subsequently 
grouped into broader thematic categories. Labels were 
merged when they reflected conceptually similar 
forms of engagement, such as “planning Japan trip 
with this  itinerary”, “Japan trip-related questions”, 

“following the itinerary’, “informative and helpful video” 
feedback, “post-visit reflection”, or “electronic word-of-
mouth”. A manual reassessment of a subset of classified 
comments was conducted to examine the coherence of 
label assignments and to support the strength of the 
grouping process. This approach allowed the analysis 
to move beyond individual labels and to focus on 
broader patterns of audience discussion.

For the Abroad in Japan (2023) video, comments 
were grouped into nine topic categories, including 
“informative and helpful video”, “Japan trip-related 
questions”, “planning Japan trip with this itinerary”, “in- 
spired to travel Japan”, and “followed the itinerary”. 
The distribution of these topics suggests that a large 
share of audience engagement is inclined toward 

information seeking, itinerary evaluation, and 
expressed interest in future travel. In the case of the 
Allan Su (2021) video, comments were grouped into 
eight categories, such as “informative and helpful 
video”, “inspired to travel Japan”, and “trip-planning-
related questions”, indicating a  similarly positive 
but a slightly less trip planning-focused pattern of 
engagement (Figure 7). These differences appear to 
reflect variation in channel positioning and audience 
composition. A Japan-specialized channel may attract 
viewers already engaged in destination consideration, 
leading to more detailed planning-oriented discourse. 
A broader YouTube channel may generate inspiration-
driven engagement without the same depth of 
itinerary-specific discussion. Importantly, these topic 
patterns represent expressed interest and planning 
rather than confirmed travel behavior. They provide 
insight into how viewers express travel decision-stage 
thinking in response to itinerary-based influencer 
content, rather than demonstrating direct behavioral 
outcomes.
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Figure 7. Final topics from the zero-shot classification
Source: authors

4.4.1.  Abroad in Japan and Allan Su videos key topic 
comparison

Figure 8 shows clear differences in engagement 
patterns between the two videos. Comments on Abroad 
in Japan more frequently include planning-related dis- 
cussion, such as itinerary use, destination-specific 
questions and trip preparation. This suggests that many 
viewers were already at an active consideration stage 
within the travel decision-making process. In contrast, 
comments on Allan Su more often emphasize inspira-
tion, informational value and general appreciation. 
While interest in Japan is present, fewer comments 
refer to concrete planning steps. Engagement in this 
case appears more aligned with early-stage inspiration.

These differences may reflect influencer specialization 
and audience segmentation. Destination-focused 
channels such as Abroad in Japan are more likely 
to attract viewers already interested in Japan, which 
may explain the higher share of planning-oriented 
comments. In contrast, broader travel channels like 
Allan Su may attract audiences at earlier stages of 

inspiration and destination exploration. Platform 
recommendation systems may further reinforce this 
alignment.

Figure 8. Abroad in Japan and Allan Su videos key topic 
comparison

Source: authors

5.  Discussion and policy implications

YouTube’s long-form travel videos combine visual 
storytelling with practical itinerary guidance, con-
tributing to destination image formation and shaping 
destination-related interest (Huertas et al., 2017; Jara-
Amézaga, 2023). Based on customer journey perspective, 
the findings suggest that influencer content is reflected 
mainly in early and intermediate stages of travel 
consideration. Viewer comments reveal reflections on 
destinations, routes, timing and possible future travel 
plans. These expressions indicate interest and planning 
consideration rather than confirmed travel behavior. 
The findings also indicate that engagement cannot be 
used as a single measure of influence. Metrics such 
as views, likes or general sentiment offer only limited 
understanding of how audiences process travel content. 
In contrast, comments provide clearer evidence of 
cognitive engagement, including itinerary comparisons 
and destination‑specific questions. Within the customer 
journey framework, these patterns align with evaluation 
and planning stages rather than final decisions.

Conceptually, the study shows that comment-based 
analysis can make stages of the travel decision-making 
process discursively visible. In this sense, influence is 
best understood as a gradual process reflected in how 
viewers express interest, comparison and planning-
related thinking, rather than as a direct behavioral 
outcome.

From a  practical perspective, itinerary‑focused 
influencer content may promote more detailed desti-
nation consideration. However, its implications 
for destination management should be interpreted 
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carefully. Comment data cannot show changes in 
visitor patterns, instead, it may serve as an early signal 
of emerging interest and help inform communication 
and content strategy.

6.  Conclusions

This study contributes to research on social media 
and tourism by examining how viewer comments 
on YouTube reflect destination evaluation and travel 
consideration in response to influencer-led travel con-
tent. By analyzing large-scale comment data using 
sentiment analysis, aspect-based sentiment analysis, 
emotion detection, and zero-shot classification, the 
study shows how audience responses can be used to 
understand travel intentions and opinions to itinerary-
based travel videos. The integration of YouTube 
comment analysis with an LLM-supported analytical 
approach offers a structured way to examine audience 
engagement beyond views and likes.

The findings indicate that itinerary-focused influencer 
content is associated with destination interest and 
trip planning–related discussion, particularly among 
viewers engaging with destination-specific YouTube 
channels. These responses should not be interpreted 
as evidence of actual travel behavior; instead, they 
reflect how viewers share their interest, opinions and 
planning intentions within the travel decision-making 
process.

From a policy perspective, the study suggests that 
influencer collaborations may contribute to destination 
visibility and emerging interest patterns. However, 
implications for destination management should be 
approached with caution. Key limitations include 
the  focus on two videos, English-only comments, 
and the use of automated language models. Future 
research could expand this approach using larger, 
multilingual and cross-platform datasets.

References

Abad, P.E.S., & Borbon, N.M.D. (2021). Influence of travel vlog: 
Inputs for destination marketing model. International Journal 
of Research Studies in Management, 9(3), 47–66. https://doi.
org/10.5861/ijrsm.2021.m7729

Abidin, C. (2016). Visibility labour: Engaging with influencers’ 
fashion brands and #OOTD advertorial campaigns on 
Instagram. Media International Australia, 161(1), 86–100. https://
doi.org/10.1177/1329878X16665177

Abroad in Japan. (2023, November 28). How to spend 14 days in 
Japan: Ultimate travel itinerary [Video]. YouTube. https://www.
youtube.com/watch?v=DBVAAnq1dHo

Allan Su. (2021, February 28). How to spend 14 days in Japan: A Japan 
travel itinerary [Video]. YouTube. https://www.youtube.com/
watch?v=IuTDuvYr7f0

Arora, N., &  Lata, S. (2020). YouTube channels influence on 
destination visit intentions: An empirical analysis on the 
base of information adoption model. Journal of Indian Business 
Research, 12(1), 23–42. https://doi.org/10.1108/JIBR-09-2019-0269

Banerjee, A., Banik, P., & Wörndl, W. (2023). A review on individual 
and multistakeholder fairness in tourism recommender 
systems. Frontiers in Big Data: Section Recommender Systems, 
6, Article 1168692. https://doi.org/10.3389/fdata.2023.1168692

Blanco-Moreno, S., González-Fernández, A.M., Muñoz-
Gallego, P.A., & Egger, R. (2024). What do you do or with whom? 
Understanding happiness with the tourism experience: An AI 
approach applied to Instagram. Humanities and Social Sciences 
Communications, 11(1), Article 346. https://doi.org/10.1057/
s41599-024-02859-z

Burgess, J., & Green, J. (2018). YouTube: Online video and participatory 
culture, digital media (2nd ed.). Polity.

Cambria, E., Schuller, B., Xia, Y., & Havasi, C. (2013). New avenues 
in opinion mining and sentiment analysis. IEEE Intelligent 
Systems, 28(2), 15–21. https://doi.org/10.1109/MIS.2013.30

Casaló, L.V., Flavián, C., & Ibáñez-Sánchez, S. (2020). Influencers 
on Instagram: Antecedents and consequences of opinion 
leadership. Journal of Business Research, 117, 510–519. https://
doi.org/10.1016/j.jbusres.2018.07.005

Chen, W.-K., Ling, L.S., Jie, H.Y., Silaban, P.H., Sitanggang, Y.K., 
&  Silalahi, A.D.K. (2022). How travel vlogs on YouTube 
influence consumer travel behavior in Indonesia: Empirical 
evidence from fsQCA. In 2022 IEEE 23rd International Conference 
on Information Reuse and Integration for Data Science (IRI) 
(pp. 95–100). IEEE. https://doi.org/10.1109/IRI54793.2022.00032

Chilembwe, J.M., & Gondwe, F.W. (2020). Role of social media in 
travel planning and tourism destination decision making. 
In C.M. Ramos, C.R. Almeida & P.O. Fernandes (Eds.), Handbook 
of research on social media applications for the tourism and hospitality 
sector (pp. 36–51). IGI Global Scientific Publishing. https://doi.
org/10.4018/978-1-7998-1947-9.ch003

Choi, S., Lehto, X.Y., & Morrison, A.M. (2007). Destination image 
representation on the web: Content analysis of Macau travel 
related websites. Tourism Management, 28(1), 118–129. https://
doi.org/10.1016/j.tourman.2006.03.002

Dai, L., Toanoglou, M., & Zhang, B. (2021). The impact of social 
media on travel intentions of international students: The 
evidence of an empirical study from China. International Journal 
of Tourism Management and Sciences, 36(3), 103–128. https://doi.
org/10.21719/ijtms.36.3.6

Deng, M., Li, X., &  Sun, B. (2025). The influence of positive 
emotions in tourism content on social media: The moderat-
ing role of emoji. In P.S. Borah, N. Zakuan, N. Hussin 
& A.B.M. Yasssin (Eds.), Proceedings of the 2025 5th International 
Conference on Enterprise Management and Economic Development 
(ICEMED 2025) (pp. 1113–1124). Atlantis Press. https://doi.
org/10.2991/978-94-6463-811-0_121

Gaenssle, S., & Budzinski, O. (2021). Stars in social media: New 
light through old windows? Journal of Media Business Studies, 
18(2), 79–105. https://doi.org/10.1080/16522354.2020.1738694

Giuffrida, A. (2025, January 30). Italian town clamps down 
after TikTok star draws ‘unmanageable’ crowds. The 
Guardian. https://www.theguardian.com/world/2025/jan/30/
italian-town-roccaraso-clamps-down-visitors-tiktok-tourism

Hudders, L., De Jans, S., &  De Veirman, M. (2021). The 
commercialization of social media stars: A literature review 
and conceptual framework on the strategic use of social media 
influencers. International Journal of Advertising, 40(3), 327–375. 
https://doi.org/10.1080/02650487.2020.1836925

Hudson, S., & Thal, K. (2013). The impact of social media on the 
consumer decision process: Implications for tourism marketing. 
Journal of Travel & Tourism Marketing, 30(1–2), 156–160. https://
doi.org/10.1080/10548408.2013.751276

https://doi.org/10.5861/ijrsm.2021.m7729
https://doi.org/10.5861/ijrsm.2021.m7729
https://doi.org/10.1177/1329878X16665177
https://doi.org/10.1177/1329878X16665177
https://www.youtube.com/watch?v=DBVAAnq1dHo
https://www.youtube.com/watch?v=DBVAAnq1dHo
file:https://www.youtube.com/watch%3Fv%3DIuTDuvYr7f0
file:https://www.youtube.com/watch%3Fv%3DIuTDuvYr7f0
https://doi.org/10.1108/JIBR-09-2019-0269
https://doi.org/10.3389/fdata.2023.1168692
https://doi.org/10.1057/s41599-024-02859-z
https://doi.org/10.1057/s41599-024-02859-z
https://doi.org/10.1109/MIS.2013.30 
https://doi.org/10.1016/j.jbusres.2018.07.005
https://doi.org/10.1016/j.jbusres.2018.07.005
https://doi.org/10.1109/IRI54793.2022.00032
https://doi.org/10.4018/978-1-7998-1947-9.ch003
https://doi.org/10.4018/978-1-7998-1947-9.ch003
https://doi.org/10.1016/j.tourman.2006.03.002
https://doi.org/10.1016/j.tourman.2006.03.002
https://doi.org/10.21719/ijtms.36.3.6
https://doi.org/10.21719/ijtms.36.3.6
https://doi.org/10.2991/978-94-6463-811-0_121
https://doi.org/10.2991/978-94-6463-811-0_121
https://doi.org/10.1080/16522354.2020.1738694
https://www.theguardian.com/world/2025/jan/30/italian-town-roccaraso-clamps-down-visitors-tiktok-tourism
https://www.theguardian.com/world/2025/jan/30/italian-town-roccaraso-clamps-down-visitors-tiktok-tourism
https://doi.org/10.1080/02650487.2020.1836925
https://doi.org/10.1080/10548408.2013.751276
https://doi.org/10.1080/10548408.2013.751276


Articles 167

Huertas, A., Míguez-González, M.I., & Lozano-Monterrubio, N. 
(2017). YouTube usage by Spanish tourist destinations as 
a tool to communicate their identities and brands. Journal 
of Brand Management, 24(3), 211–229. https://doi.org/10.1057/
s41262-017-0031-y

Hussain, K., Didarul Alam, M.M., Malik, A., Tarhini, A., 
& Al Balushi, M.K. (2024). From likes to luggage: The role 
of social media content in attracting tourists. Heliyon, 10(19), 
Article e38914. https://doi.org/10.1016/j.heliyon.2024.e38914

Jalilvand, M.R. (2017). Word-of-mouth vs. mass media: Their 
contributions to destination image formation. Anatolia: An 
International Journal of Tourism and Hospitality Research, 28(2), 
151–162. https://doi.org/10.1080/13032917.2016.1270840

Japan faces overtourism challenges: New survey highlights 
traveller preferences and interest in rural areas ahead of 
2025 World Expo in Osaka. (2024, November 30). Travel and 
Tour World. https://www.travelandtourworld.com/news/article/
japan-faces-overtourism-challenges-new-survey-highlights-
traveller-preferences-and-interest-in-rural-areas-ahead-of-
2025-world-expo-in-osaka/

Japan Tourism Agency. (2024, June). White paper on tourism in Japan, 
2024 (Summary). https://www.mlit.go.jp/kankocho/content/ 
001767069.pdf

Jara-Amézaga, C. (2023). The impact of YouTube in tourism 
destinations: A  methodological proposal to qualitatively 
measure image positioning: Case: Saudi Arabia. Sustainability, 
15(13), Article 9879. https://doi.org/10.3390/su15139879

Khaled, M.A., Ezzat, M., & Touni, R. (2025). Assessing the role 
of social media influencers on the tourist destination choice 
applying on Luxor. Minia Journal of Tourism and Hospitality 
Research, 19(3), 37–58.

Khamis, S., Ang, L., & Welling, R. (2017). Self-branding, ‘micro-
celebrity’ and the rise of social media influencers. Celebrity 
Studies, 8(2), 191–208. https://doi.org/10.1080/19392397.2016. 
1218292

Kim, H., & Fesenmaier, D.R. (2008). Persuasive design of des-
tination web sites: An analysis of first impression. Journal of 
Travel Research, 47(1), 3–13. https://doi.org/10.1177/00472875 
07312405

Kim, K., Park, O.-j., Yun, S., & Yun, H. (2017). What makes tourists 
feel negatively about tourism destinations? Application of 
hybrid text mining methodology to smart destination man
agement. Technological Forecasting and Social Change, 123, 362–369. 
https://doi.org/10.1016/j.techfore.2017.01.001

Lam, J.M.S., Ismail, H., &  Lee, S. (2020). From desktop to 
destination: User-generated content platforms, co-created 
online experiences, destination image and satisfaction. Journal 
of Destination Marketing & Management, 18, Article 100490. 
https://doi.org/10.1016/j.jdmm.2020.100490

Lian, T., & Yu, C. (2017). Representation of online image of tourist 
destination: A content analysis of Huangshan. Asia Pacific 
Journal of Tourism Research, 22(10), 1063–1082. https://doi.org/ 
10.1080/10941665.2017.1368678

Litvin, S.W., Goldsmith, R.E., &  Pan, B. (2008). Electronic 
word-of-mouth in hospitality and tourism management. 
Tourism Management, 29(3), 458–468. https://doi.org/10.1016/ 
j.tourman.2007.05.011

Liu, B. (2017). Many facets of sentiment analysis. In E. Cambria, 
D.  Das, S. Bandyopadhyay &  A. Feraco (Eds.), A  practical 
guide to sentiment analysis (pp. 11–39). Springer. https://doi.
org/10.1007/978-3-319-55394-8_2

Lou, C., & Yuan, S. (2019). Influencer marketing: How message 
value and credibility affect consumer trust of branded content 
on social media. Journal of Interactive Advertising, 19(1), 58–73. 
https://doi.org/10.1080/15252019.2018.1533501

Lund, N.F., Cohen, S.A., &  Scarles, C. (2018). The power of 
social media storytelling in destination branding. Journal 

of Destination Marketing & Management, 8, 271–280. https://doi.
org/10.1016/j.jdmm.2017.05.003

Marchiori, E., & Cantoni, L. (2012). The online reputation construct: 
Does it matter for the tourism domain? A literature review 
on destinations’ online reputation. Information Technology 
&  Tourism, 13(3), 139–159. https://doi.org/10.3727/10983051
2x13283928066715

Matikiti-Manyevere, R., & Kruger, M. (2019). The role of social 
media sites in trip planning and destination decision-making 
processes. African Journal of Hospitality, Tourism and Leisure, 
8(5), Article 3. https://www.ajhtl.com/uploads/7/1/6/3/7163688/
article_3_vol_8_5__2019_cut.pdf

Mehra, P. (2023). Unexpected surprise: Emotion analysis and 
aspect based sentiment analysis (ABSA) of user generated 
comments to study behavioral intentions of tourists. Tourism 
Management Perspectives, 45, Article 101063. https://doi.org/ 
10.1016/j.tmp.2022.101063

Mirzamurodova Kizi, A.A., Zielinski, S., Milanes, C.B., & Ahn, Y.-j. 
(2025). Tourist destination image projected by YouTube travel 
videos: The case of Seoul, Republic of Korea. International 
Journal of Tourism Research, 27(3), Article e70049. https://doi.
org/10.1002/jtr.70049

Mqwebu, B. (2024). Impact of social media influencers on tourist 
destination choices and expenditure in South Africa. Journal 
of Hospitality and Tourism, 4(1), 57–68. https://doi.org/10.47672/
jht.1979

Müllner, P., Schreuer, A., Kopeinik, S., Wieser, B., & Kowald, D. 
(2025). Multistakeholder fairness in tourism: What can 
algorithms learn from tourism management? Frontiers in Big 
Data: Section Recommender Systems, 8, Article 1632766. https://
doi.org/10.3389/fdata.2025.1632766

Pantano, E., & Di Pietro, L. (2013). From e-tourism to f-tourism: 
Emerging issues from negative tourists’ online reviews. Journal 
of Hospitality and Tourism Technology, 4(3), 211–227. https://doi.
org/10.1108/JHTT-02-2013-0005

Pourazad, N., Stocchi, L., & Simmonds, L. (2025). Influencers and 
the choice of a travel destination: A customer journey and in-
formation processing perspective. Information Technology and 
Tourism, 27, 1185–1228. https://doi.org/10.1007/s40558-025-00330-6

Sabeeh, A., & Dewang, R.K. (2019). Comparison, classification 
and survey of aspect based sentiment analysis. In A.K. Luhach, 
D. Singh, P.-A. Hsiung, K.B.G. Hawari, P. Lingras & P.K. Singh 
(Eds.), Advanced informatics for computing research: Second 
International Conference, ICAICR 2018, Shimla, India, July 14–15, 
2018: Revised selected papers, part I (pp. 612–629). Springer. https://
doi.org/10.1007/978-981-13-3140-4_55

Slotta, D. (2025, December 17). Social media – statistics &  facts. 
Statista. https://www.statista.com/topics/1164/social-networks/

Solomon, M.R. (2019). Consumer behavior: Buying, having, and being 
(13th ed.). Pearson.

Tang, W., Tosun, C., Mohamed, A.E., &  Uslu, S. (2024). The 
influence of social media usage and perceived government 
market orientation on travel intention to an Internet celebrity 
city: Exploring the mediating effects of place attachment and 
perceived value. Behavioral Sciences, 14(8), Article 694. https://
doi.org/10.3390/bs14080694

Thi Van Hanh, N., &  Tuyen, T. (2023). Travel experience 
sharing on social media: opinion and behavior of tourists. 
Cuadernos Gestión Turística del Patrimonio, 2(1), 49–65. https://
cuadernosgestionturisticadelpatrimonio.es/index.php/journal/
article/view/13

Topbaş, A., & Oktay, K. (2024). Casting a digital spell: How social 
media influencers shape destination marketing. Bulletin 
of Dulaty University, 1(13), 193–200. https://doi.org/10.55956/
FTEG9814

Wang, C.-y., & Hsu, M.K. (2010). The relationships of destination 
image, satisfaction, and behavioral intentions: An integrated 

https://doi.org/10.1057/s41262-017-0031-y
https://doi.org/10.1057/s41262-017-0031-y
https://doi.org/10.1016/j.heliyon.2024.e38914
https://doi.org/10.1080/13032917.2016.1270840
https://www.travelandtourworld.com/news/article/japan-faces-overtourism-challenges-new-survey-highlights-traveller-preferences-and-interest-in-rural-areas-ahead-of-2025-world-expo-in-osaka/
https://www.travelandtourworld.com/news/article/japan-faces-overtourism-challenges-new-survey-highlights-traveller-preferences-and-interest-in-rural-areas-ahead-of-2025-world-expo-in-osaka/
https://www.travelandtourworld.com/news/article/japan-faces-overtourism-challenges-new-survey-highlights-traveller-preferences-and-interest-in-rural-areas-ahead-of-2025-world-expo-in-osaka/
https://www.travelandtourworld.com/news/article/japan-faces-overtourism-challenges-new-survey-highlights-traveller-preferences-and-interest-in-rural-areas-ahead-of-2025-world-expo-in-osaka/
https://www.mlit.go.jp/kankocho/content/001767069.pdf
https://www.mlit.go.jp/kankocho/content/001767069.pdf
https://doi.org/10.3390/su15139879
https://doi.org/10.1080/19392397.2016.1218292
https://doi.org/10.1080/19392397.2016.1218292
https://doi.org/10.1177/0047287507312405
https://doi.org/10.1177/0047287507312405
https://doi.org/10.1016/j.techfore.2017.01.001
https://doi.org/10.1016/j.jdmm.2020.100490
https://doi.org/10.1080/10941665.2017.1368678
https://doi.org/10.1080/10941665.2017.1368678
https://doi.org/10.1016/j.tourman.2007.05.011
https://doi.org/10.1016/j.tourman.2007.05.011
https://doi.org/10.1007/978-3-319-55394-8_2
https://doi.org/10.1007/978-3-319-55394-8_2
https://doi.org/10.1080/15252019.2018.1533501
https://doi.org/10.1016/j.jdmm.2017.05.003
https://doi.org/10.1016/j.jdmm.2017.05.003
https://doi.org/10.3727/109830512x13283928066715
https://doi.org/10.3727/109830512x13283928066715
https://www.ajhtl.com/uploads/7/1/6/3/7163688/article_3_vol_8_5__2019_cut.pdf
https://www.ajhtl.com/uploads/7/1/6/3/7163688/article_3_vol_8_5__2019_cut.pdf
https://doi.org/10.1016/j.tmp.2022.101063
https://doi.org/10.1016/j.tmp.2022.101063
https://doi.org/10.1002/jtr.70049
https://doi.org/10.1002/jtr.70049
https://doi.org/10.47672/jht.1979
https://doi.org/10.47672/jht.1979
https://doi.org/10.3389/fdata.2025.1632766
https://doi.org/10.3389/fdata.2025.1632766
https://doi.org/10.1108/JHTT-02-2013-0005
https://doi.org/10.1108/JHTT-02-2013-0005
https://doi.org/10.1007/s40558-025-00330-6
https://doi.org/10.1007/978-981-13-3140-4_55
https://doi.org/10.1007/978-981-13-3140-4_55
https://www.statista.com/topics/1164/social-networks/
https://doi.org/10.3390/bs14080694
https://doi.org/10.3390/bs14080694
https://cuadernosgestionturisticadelpatrimonio.es/index.php/journal/article/view/13
https://cuadernosgestionturisticadelpatrimonio.es/index.php/journal/article/view/13
https://cuadernosgestionturisticadelpatrimonio.es/index.php/journal/article/view/13
https://doi.org/10.55956/FTEG9814
https://doi.org/10.55956/FTEG9814


Turyzm/Tourism 2026, 36(1)168

model. Journal of Travel & Tourism Marketing, 27(8), 829–843. 
https://doi.org/10.1080/10548408.2010.527249

Wei, Y., Liu, H., Zhuo, W., & Park, K.S. (2025). The influence of social 
media attributes on impulsive travel intentions: Integrating 
the stimulus–organism–response theory and information 
adoption model. Sustainability, 17(10), Article 4404. https://doi.
org/10.3390/su17104404

Wengel, Y., Ma, L., Ma, Y., Apollo, M., Maciuk, K., & Ashton, A.S. 
(2022). The TikTok effect on destination development: Famous 
overnight, now what? Journal of Outdoor Recreation and Tourism, 
37, Article 100458. https://doi.org/10.1016/j.jort.2021.100458

Xiang, Z., & Gretzel, U. (2010). Role of social media in online travel 
information search. Tourism Management, 31(2), 179–188. https://
doi.org/10.1016/j.tourman.2009.02.016

Yang, X., Lin, Z., Kargar, M., & Djafarova, E. (2025). The echoes of 
social media friends’ travels: Social influence and venue selection 
in a hyperconnected world. Humanities and Social Sciences 
Communications, 12(1), Article 1069. https://doi.org/10.1057/ 
s41599-025-05450-2

Zeng, B., & Gerritsen, R. (2014). What do we know about social 
media in tourism? A review. Tourism Management Perspectives, 
10, 27–36. https://doi.org/10.1016/j.tmp.2014.01.001

https://doi.org/10.1080/10548408.2010.527249
https://doi.org/10.3390/su17104404
https://doi.org/10.3390/su17104404
https://doi.org/10.1016/j.jort.2021.100458
https://doi.org/10.1016/j.tourman.2009.02.016
https://doi.org/10.1016/j.tourman.2009.02.016
https://doi.org/10.1057/s41599-025-05450-2
https://doi.org/10.1057/s41599-025-05450-2
https://doi.org/10.1016/j.tmp.2014.01.001

	From views to visits: The role of YouTube influencers in shaping travel destination choices in Japan



Raport dostępności



		Nazwa pliku: 

		PCH_Turyzm_36_1_2026_Artykuł_12_Hussain_et_al_internet.pdf






		Autor raportu: 

		Utmark Mac


		Organizacja: 

		





 [Informacje osobiste oraz dotyczące organizacji dostępne w oknie dialogowym Preferencje > Tożsamość.]


Podsumowanie


Sprawdzanie nie napotkało żadnych problemów w tym dokumencie.



		Wymaga sprawdzenia ręcznego: 0


		Zatwierdzono ręcznie: 2


		Odrzucono ręcznie: 0


		Pominięto: 2


		Zatwierdzono: 28


		Niepowodzenie: 0





Raport szczegółowy



		Dokument




		Nazwa reguły		Status		Opis


		Flaga przyzwolenia dostępności		Zatwierdzono		Należy ustawić flagę przyzwolenia dostępności


		PDF zawierający wyłącznie obrazy		Zatwierdzono		Dokument nie jest plikiem PDF zawierającym wyłącznie obrazy


		Oznakowany PDF		Zatwierdzono		Dokument jest oznakowanym plikiem PDF


		Logiczna kolejność odczytu		Zatwierdzono ręcznie		Struktura dokumentu zapewnia logiczną kolejność odczytu


		Język główny		Zatwierdzono		Język tekstu jest określony


		Tytuł		Zatwierdzono		Tytuł dokumentu jest wyświetlany na pasku tytułowym


		Zakładki		Zatwierdzono		W dużych dokumentach znajdują się zakładki


		Kontrast kolorów		Zatwierdzono ręcznie		Dokument ma odpowiedni kontrast kolorów


		Zawartość strony




		Nazwa reguły		Status		Opis


		Oznakowana zawartość		Zatwierdzono		Cała zawartość stron jest oznakowana


		Oznakowane adnotacje		Zatwierdzono		Wszystkie adnotacje są oznakowane


		Kolejność tabulatorów		Zatwierdzono		Kolejność tabulatorów jest zgodna z kolejnością struktury


		Kodowanie znaków		Pominięto		Dostarczone jest niezawodne kodowanie znaku


		Oznakowane multimedia		Zatwierdzono		Wszystkie obiekty multimedialne są oznakowane


		Miganie ekranu		Zatwierdzono		Strona nie spowoduje migania ekranu


		Skrypty		Zatwierdzono		Brak niedostępnych skryptów


		Odpowiedzi czasowe		Zatwierdzono		Strona nie wymaga odpowiedzi czasowych


		Łącza nawigacyjne		Zatwierdzono		Łącza nawigacji nie powtarzają się


		Formularze




		Nazwa reguły		Status		Opis


		Oznakowane pola formularza		Zatwierdzono		Wszystkie pola formularza są oznakowane


		Opisy pól		Zatwierdzono		Wszystkie pola formularza mają opis


		Tekst zastępczy




		Nazwa reguły		Status		Opis


		Tekst zastępczy ilustracji		Zatwierdzono		Ilustracje wymagają tekstu zastępczego


		Zagnieżdżony tekst zastępczy		Zatwierdzono		Tekst zastępczy, który nigdy nie będzie odczytany


		Powiązane z zawartością		Zatwierdzono		Tekst zastępczy musi być powiązany z zawartością


		Ukrywa adnotacje		Zatwierdzono		Tekst zastępczy nie powinien ukrywać adnotacji


		Tekst zastępczy pozostałych elementów		Zatwierdzono		Pozostałe elementy, dla których wymagany jest tekst zastępczy


		Tabele




		Nazwa reguły		Status		Opis


		Wiersze		Zatwierdzono		TR musi być elementem potomnym Table, THead, TBody lub TFoot


		TH i TD		Zatwierdzono		TH i TD muszą być elementami potomnymi TR


		Nagłówki		Zatwierdzono		Tabele powinny mieć nagłówki


		Regularność		Zatwierdzono		Tabele muszą zawierać taką samą liczbę kolumn w każdym wierszu oraz wierszy w każdej kolumnie


		Podsumowanie		Pominięto		Tabele muszą mieć podsumowanie


		Listy




		Nazwa reguły		Status		Opis


		Elementy listy		Zatwierdzono		LI musi być elementem potomnym L


		Lbl i LBody		Zatwierdzono		Lbl i LBody muszą być elementami potomnymi LI


		Nagłówki




		Nazwa reguły		Status		Opis


		Właściwe zagnieżdżenie		Zatwierdzono		Właściwe zagnieżdżenie







Powrót w górę


